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Abstract

This paper proposes a continous space text model based on Gaussian processes. Introducing latent
coordinates of words over which the Gaussian process is defined, we can encode word correlations
directly and lead to a model that performs better than mixture models. Our model would serve as a

foundation of more complex text models and also as a statistical visualization of texts.
Keywords: Gaussian process, Topic models, Latent semantic analysis, MCMC, RBM
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