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Language Model Adaptation with the Use of Presentation Slide

Information for Automatic Lecture Transcription

Yusuke Nemoto Yuya Akita Tatsuya Kawahara
School of Informatics, Kyoto University, Kyoto 606-8501, Japan
email: nemoto@ar.media.kyoto-u.ac.jp

Abstract We propose a language model adaptation method with the use of presen-
tation slide information for automatic lecture transcription. N-gram probabilities are re-
scaled with lecture-dependent unigram probabilities estimated by PLSA using all slides of
the lecture. In addition, the N-gram language model is interpolated with a model trained
with the Web texts collected via the Web search, using keywords extracted from the slides.
Moreover, N-best hypotheses of ASR, are rescored using word probabilities enhanced with
a cache model using the slide corresponding to each utterance. Experimental evaluations
on real lectures show that the proposed method with the combination of the global and

local slide information achieves a significant improvement of ASR accuracy.
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